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Abstract. In this manuscript, we give the idea of Spherical 2-tuple linguis-
tic fuzzy set (S2TLFS) for the multi criteria decision making (MCDM)
problem with the information. We utilized some operation to define some
Spherical 2-tuple linguistic fuzzy (S2TLF) aggregation operators (AOS).
We discussed some properties of the developed operators. Then, to solve
an MCDM problem using the Spherical 2-tuple linguistic information, we
proposed an approach, and utilized these operators. Lastly, a numerical
example of the green supplier selection for chemical processing industry
is given to show the advantage of the defined approach and to show its
practicability and performance.
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1. INTRODUCTION

Universally, there is some confusion in the decision-making (DM) process when de-
scribing data information. To address this drawback, the idea of fuzzy set (FS) was first
developed by Zadeh [50]. In FS, only the member grade of a number in the given set
is shown by Zadeh, and tested in several fields for example, fuzzy decision taking issues
[5, 6]. Yet the negative membership rating is not discussed. The FS concept failed to over-
come the uncertainty in the daily problem because of the negative grade. Thus, Atanassov
[1] established intuitionistic fuzzy set (IFS) definition, which have both a membership and
a nonmembership grades, IFS has the advantage of having two membership grades that
decrease the fluidity. Garg [8] showed widespread improved collaborative AOs to solve
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the IF-set decision-making problems. Apart from this, various researchers (Shen and Wang
[36]; Wang and Peng [42]) integrated the concept of aggregation method into the various
applications and provided their DM methods with the IF set and expanded there. Zulkifli
[53] proposed an integrated interval-valued intuitionistic fuzzy vague set and their linguis-
tic variables.

In some cases, the valuef-v > 1(membership and nonmembership) unlike the cases
capture in IFSs. The Pythagorean fuzzy set (PFS) is then defined by Yager [46, 48, 49],
which have membership and nonmembership grades, and satisfy the copditioh > 1.

To deal with this sort of situation, Yager [46] provide an example: a DM makes his pos-
itive term for an alternative iséj and negative term i%. Now, their number is higher

than1, so they can'’t be set to intuitionistic fuzzy, but they can be set to Pythagorean fuzzy

2
because(§> + (%)2 < 1. This shows that PFS is more capable of managing uncer-

tainty in real-life problems than intuitionistic fuzzy. Now a few days the idea of picture
fuzzy encourages researchers to think and applied the implementation of the Pythagorean
fuzzy system in many areas of study. Rahman et al. [34] defined the geometric AOs to the
IVPFS setting for group decision problem. Liang & Xu [27] developed the idea of hesi-
tant PFS and tested on TOPSIS approach for the selection model of energy projects. Garg
[11] implemented a series of AOs with the Pythagorean fuzzy information, using the idea
of immediate probabilities. Garg [9] defined the generalized Pythagorean fuzzy geometric
AOs using the t-norm and conorm operations for MCGDM problem. Ren et al. [35] imple-
mented TODIM method to find the best solution for DM problems, where the information
will be in the form of PFNs. Wei [41] implemented many AOs, like as weighted average
interaction and geometric operators. Wei & Lu [43] built the power AOs to handle MADM
problems using PF information. Xu et al. [44] introduced generalized OWA induced PF
operators information. Xue et al. [45] proposed the LINMAP approach to use Pythagorean
fuzzy information to identify the best investment firm in railway projects. Yager [47] has
begun weighted average, linear, ordered linear AOs for Pythagorean fuzzy details. To solve
a MCDM problem with the unknown weight information, Garg [10] implemented a score
function where attribute preferences occur in the form of IVPFSs. Hamacher operations
[16] are the good alternatives to the algebraic product and algebraic sum, correspondingly
[51]. Many researchers have addressed the Hamacher aggregation operators and their im-
plementations in the last few years [26, 37]. Pei, L. et al. [29] defined local adjustment
strategy-driven probabilistic linguistic group decision-making method and its application
for fog-haze influence factors evaluation. Garg, H. [12] developed linguistic interval-valued
Pythagorean fuzzy sets and their application to MAGDM process.

Herrera and Martinez [19] introduced the idea of a 2-tuple linguistic processing model
using the model of symbolic translation, and demonstrated that the 2-tuple linguistic in-
formation processing system can effectively avoid loss and distortion. Herrera et al. [20]
suggest a MAGDM model to handle non-homogeneous information. Wang [38] built a
2-tuple fuzzy linguistic processing model to choose the appropriate agile production sys-
tem. The TOPSIS approach is developed by Wei [39] with 2-tuple linguistic knowledge for
MAGDM question. Chang and Wen [7] introduced the efficient approach for DFMEA by
combining the 2-tuple and the OWA operator. For the 2-tuple linguistic knowledge, mean
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Bonferroni operators are extended by Jiang and Wei [21]. Liu et al. [25] defined the depen-
dent interval 2-tuple linguistic AOs for MAGDM. Wang et al. [40] developed a MAGDM
problem approach using 2-tuple linguistic information intervals and integrated AOs Cho-
guet. To research the application of MADM to the supplier selection Liu [30] has specified
the Muirhead mean 2-tuple linguistic operator. Zhang et al. [52] proposes a consensus
reaching model for the 2-tuple linguistic MADM, with the incomplete weight information.
Merigo and Gil-Lafuente [28] proposed the concept of induced 2-tuple linguistic gener-
alized aggregation operators and discussed their application in decision-making. Khan et
al. [24] defined some analysis of Robot selection based on 2-tuple picture fuzzy linguistic
AOs.

The idea of the Spherical fuzz set (SFS) was first time developed by S. Ashraf et al.
[29], and also developed the Spherical fuzzy AOs for MADM problem. Gundogdu et al.
[23] extended the TOPSIS approach for SFS and solved a numerical example of MAGDM
problem. The extended form of PFS is essentially SFS. In the Spherical fuzzy set, all the
membership degrees are gratifying the condition (yu(r))* + (nu(r))* + (in(r))* < 1
instead of0 < un(r) 4+ nn(r) + vn(r) < 1 as in picture fuzzy set. Huanhuan et al. [22]
specified SFS, combining the concept of linguistic term set and SFS. Abdullah et al. [3]
proposed an analysis of decision support system using 2-tuple Spherical fuzzy linguistic
information. Qiyas et al. [31, 32] defined sine trigonometric Spherical fuzzy AOs and
their application in decision support system. Qiyas et al [33] defined Spherical uncertain
linguistic Hamacher AOs and discussed their application on achieving consistent opinion
fusion in group decision making.

However, all the above approaches are unsuitable to describe the degree of positive
membership, degree of neutral membership, degree of negative membership and degree of
refusal membership of an element to a linguistic label, which can reflect the decision-maker
confidence level when they are making an evaluation. In order to overcome this limit, we
shall propose the concept of Spherical 2-tuple linguistic set to solve this problem based
on the picture fuzzy sets and 2-tuple linguistic information processing model. Thus, how
to aggregate these Spherical 2-tuple linguistic numbers is an interesting topic. To solve
this issue, in this paper, we shall develop some Spherical 2-tuple linguistic information
aggregation operators on the basis of the traditional arithmetic and geometric operations.

In order to do so, the remainder of this paper is set out as follows; In Sec. Il, We
discussed briefly the basic knowledge of the SFS and the 2-tuple linguistic model. In
Sec. lll, we discussed some Spherical 2-tuple linguistic averaging and geometric AOs, and
study basic properties of the developed operators. We introduced an algorithm for multi
attribute DM problems in Sec. IV utilizing the S2TLWA and S2TLWG operators. Inside
Sec. V, makes some discussions on the implementation and the contrast of the established
methodology to the current method, and finally write the conclusion in Sec. VI.

2. PRELIMINARIES

2.1. 2-Tuple linguistic term set.

Definition 2.1. [17, 18] LetS = (s1,...,7) are the linguistic term set, anddenote the
odd cardinality, such as,, T are the possible value of the linguistic variable and positive
integer, correspondingly. If; is considered a8, ... e.g., whenr = 5, then the linguistic
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term setS is described ags, = Poor,s, = Slightly poor,s; = Fair, s, = Slightly good ,
s5 = Good}.

If 5,.,8: € S, then we have the following characteristic;

(1). The ordered set,, < s, < Kk < t;

(2). The negation operator: Nég,) = s,—x;

(3). Maximum(s,, s;) = sk, iff 55 > s¢;

(4). Minimum (s,;, s¢) = s, Iff s,; < s¢.

Utilizing the idea of symbolic translation, Herrera & Martinez [17, 18] developed the
2-tuple linguistic model. This model are utilized to presenting the linguistic assessment
information with the 2-tuplés;, x;), wheres; andy; are the linguistic label and symbolic
translation from the linguistic term sétandy [—0.5,0.5], respectively.

Definition 2.2. [24] Lets be the result of an aggregation of the indices of a set of
labels assessed in a linguistic term Sefor example, the result of a symbolic aggregation
operation¢ € [1, 7], wherer be the cardinality ofS. Leti =rounds) andy = ¢ — i be
two values, such as,c [1, 7] ands € [—-0.5, 0.5], theny is known is symbolic translation.

Definition 2.3. [24] LetS = (sy, ..., 7) are the finite linguistic term set arde [1, 7]
are the value of the aggregation result of linguistic symbolic. Then, the funttare used
to obtain the 2-tuple linguistic information equivalent to numerical valuend defined as:

A [1,7] = 8 x[-0.5,0.5), (1)
_ 84,4 = rounds)
As) = { X=c—1ixE€ [—0?5,0.5), (2)

where round.) denote the usual round operatiandenote the closest index labeld¢o
andy denote the symbolic translation value.

Definition 2.4. [24] LetS = (sy, ..., 7) are the finite linguistic term set arid;, y;) are
the 2-tuple. Then, there exist a mappihg®, where from the 2-tuplés;, x;) it returns to
equivalent numerical valuge [1, 7] C R, like as;

ATY o S % [-0.5,0.5) — [1,7] (3)
A Ysix) = i4+x=c¢ (4)

From Definitions(2.1) and(2.1), we note that the conversion of a linguistic word to a

2-tuple language consists of adding a vales a symbolic translation:
A(si) = (5i,0) ()

Definition 2.5. [23] LefR # ¢, be a universal set. TheR,is known as SFS, and defined

as;
R = {{un(r), nn(r),ve(r)| r € R)}. (6)

Whereux(r), nr(r), ve(r) : R — [0, 1] are the positive grade, neutral grade and negative
grade of eachr € R, respectively. Furthermorgx(r), nx(r) andvx(r) satisfy that
0 < pip(r) + nj(r) + vi(r) < 1Vr € Roxn (r) = V1= (up(r) +15(r) +vi(r)) is
called refusal grade of € R, and a triple componentgus, 7%, vx) are called the SFN and

each SF number are denoted®y= (ug, nn, vz), Whereug, nr andvy, € [0, 1], have the
condition

0 < pi + i +vig < 1. (7)
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Definition 2.6. [23] LetR; = (u, (r), e, (r), vz, (1)) @andRe = (us, (1), 0w, (1), Vg, (1))
are two SFNs define on the universal Re¥: ¢. Then, some operational laws on SFNs are
defined as;

Q). R, C R, if

KRy (T) < pw, (7“), Ub (T) < N, (T) andz/gm (T) > U, (T),VT‘ ER,
(2). Union

_ (Tv max (MS% (T)’ MR, (T)) , min (77§R1 (T)a R, (T)) ) .
RiURy = { min (vg, (1), vg, (r))|r € R } ’

(4). Intersection

_J (rymin (ug, (r), p, (1)), max (g, (1), nw, (1)), |
RNk = { max (vg, (1), vg, (1))|r € R } ’

(5). Compliment
RY = {(r, v, (1), n, (r), o, (r)|r € R}

Definition 2.6. [23] LetR; = (un,, Mn,, Vr,) andRa = (un,, %, , Vr,) are two SFNs
define on the universal set B £ ¢. Then, some operational laws on SFNs are described
as, where\ > 0.

D) R eRy = {\/ufél + 1R, = B, MRy MRNRe le-%} ;
(@) R Re = { oy timas [, + 0, — 1, Mhyes VR, B, — VR, R, )
@ AR = {1 =) 0w 0}

@ R = { () 1= (=03 )\ 1= (1=, ) ]
(5) 8?11/ = <V9‘€1777§R17/1*§R1> ;

2.2. Spherical 2-tuple linguistic fuzzy set (S2TLFS).In this subsection, we defined the
idea of the S2TLFS and some operation based on the SFS and 2-tuple linguistic informa-
tion.

Definition 2.7. A S2TLFSR in R # ¢, is defined as;

R = {{(s00), p), (), m(r), v (r)| r € R)}. (8)

wheresg .y € S,p e [<0.5,0.5), ux(r),nn(r), va(r) : R — [0,1] with the condition
0 < pd(r) + na(r) + va(r) < 1,V r € R. And the numbersug (1), nr(r) andvg(r)
represent the positive grade, neutral grade and negative grade of the nutmtiaguistic
variable(sy(,y, pi). This termys (r) is known as refusal degreeofo (s;, p;), and defined
as

xn (7) = /1= () + 03 (r) + 1) (9)

For convenience, we said = {((so(r), i), (), n(a),v(a))}, @ S2TLEN, where
p(ar), n(a),v(a) € [0,1],0 < pg +n3 + vy < 1, 59(a) € Sandp € [-0.5,0.5).
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Definition 2.8. LetR = {(so(®), p); %, M%, v } be @ S2TLFN. Then, the score index
of S2TLFN are defined as;

_ 9 2 2 2 _
507 () = A {A%se(m, p) 2 ) = i) (ve) } RS (R) € L1 (10)
Definition 2.9. LetR = {(so(x); P), uws M%, vn }, @ S2TLEN. Then, the accuracy index
of S2TLFN are defined as;
4 (mw)” + ()
3

Hv*(R) = A {A—l(sm), p). (1) } AN HU(R) € [1,4]) (11)

Definition 2.10.R1 = {(So(1)» )s Hots» Ry > Vi } @ANAR2 = {(S0(32)5 0)s s s TR s Vs }
are the two S2TLFNs. Then, if

(1) Sv*(Ry) < Su*(a%) thenR; < Ry, if

(2) Sv* (1) = Sv*(Ry), then

(3) If Hy* (%1) < Hl/ (%2) then@?l < 3%2, if

(4) Hv* (%1) (9%2) then®; and®, have the same information.

Definition 2.11. Leﬂ%l = {(80(1) P1)s HR1 s MRy ViR, anda%g = {(50(12) P2)s Ro» MRo» Voo
be the S2TLFNs. Then,

B, A (A (sa(r,), P1) + A (so1)5 P2)) 5 _

! > %{1 + /Lgeg - M%{l -MQ%Q MRy MR VR VR ’
~ ~ 59(5}31) pl) + A~ (89(8‘?1% P2)) y MRy -HURo
ROR = 2 2 2 2 )

7751%1 + 779%2 77§R1'77§R2’ \/V&el + VR, = VR, Vi,
~ A A
M= {8 A (sugm p1)) 1= (L=, ()™, )}
JURND
(3‘31) = {A Y(soriy 1)) s (1my) \/1* (1T =5, \/1*(1*V§I)A}~

3. SPHERICAL 2-TUPLE LINGUISTIC FUZZY ARITHMETIC AGGREGATION
OPERATORS

In this portion, we developed some average aggregation operators, based on S2TLFNs.
Definition 3.1. LetR; = {(r;,x;), tj,15.v)}(j = 1,...,n) be the family of S2TLF
numbers. Then, the S2TLF weighted average (S2TLFWA) operator is a mapgdrig-of
Q, and
S2TLFW e (R1, ... ) = D) (@ﬁg) : (12)

Jj=1

the weight off; is © = (O1,...,0,,)7, such thal; > 0, 3° ©; = 1.
j=1
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Theorem 3.1. The aggregated value obtained by utilizing the S2TLFWA operator is also
a S2TLF fuzzy numbers, where

n

S2TLFW pie(Ry, ... D ( )

{(Z@A T’J,XJ),QI—ﬁ 1-u2)° ];[ Ji )ej)} (13)

and® = (04, ...,,0,)7 is the weighting oij, aso; > 0, Z 0;=1.

<.

Proof. To prove Equ. (13), we used the mathematical mductlon principle,
(1). Whenn = 2, we obtain

o~ {a@n e (Yi-a—® w00 )}
( )}

®2§~R2 = {A (®2A (T2’ OQ)) 1- (1 - /1'%)62’ (772)927 (VQ)GZ

Then,

S2TLFW pu(Ry, Ro) = (0171 @ O,R,)
A (@ A7 (r,00) + ©2A7 (g, a0)) |

= V2 - ()% - (- (- 32 (1 - (1 - i3)®2),
(1)® (112) 2, (11)©1 (1) 2
{ A (O1A7 (r1, x1) + ©2A 7 (rg, a2)) }
VI 0= aB)P (L — 12)%%, () ® (1), (11)® (12)°2)

(2). Assume that Equ. (13), true far= «, that is;

K

S2TLFW e (Ry, ..., R) = P (Gﬁ%)

j=1

oS ) (it o o))
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and prove Equ. (13), fot = x + 1, then
SQTLFW,U@(%l, ey ﬁm+1) = @1%1 D @2%2 D...PD 91@%5 D @K+1§EH+1

A (Z ejA_l(rj’ XJ) + @K+1A_1(TK+17XK+1)> )
j=1

- LA™ - ) .
R, SICE
- (1 - ‘1;[1 (1—p3) J) (1= (1 —p2 )y | i=t =1
k+1 rk+1 o. r+1 o r+1 .
= A Z@jA_l(rj7Xj) ’ ]-_H(]-_,U?) Ja (77]) - (Vj) ’
j=1 j=1 j=1 j=1

which represent that the aggregated value is also S2TLFN. Hence, Equ. (13), is true for
all n.

The below properties are satiafied ty S2TLFWA operator.

Property 1. (Idempotency) If &; = R for all j, then

S2TLFW jio(Ry, ..., Ry) = R. (14)

Property 2.(Boundedness) Let ?ej (j = 1,...,n) be the collection of S2TLFNs, and

R+ = maxR;, R~ = minR;, then
J J
R~ < S2TLFWpe(Ry, ..., Rn) < RY. (15)

Property 3. (Monotonicity). Leté?ej andéﬁj/.(j =1,...,n) be the collection of S2TLFNs,

if &, < R/, vy, then
S2TLFW i (Ry, ..., Ry) < S2TLFWpe(R,, ..., R.).  (16)

Definition 3.2. LetR; = {(r;, x;), t4j,1;,7; }(j = 1, ..., n) be the collection of S2TLF
numbers. Then, S2TLF ordered weighted average (S2TLFOWA) operator with the di-
mensionn is a functionS2TLFOWp : Q" — €, where the associated weights are

0 =(01,..,0,)T,ando; >0, > ©; = 1. Then,
J=1

S2TLFOW o (1, .., 1) = €D (05%(5))
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Property 1. (Idempotency) If ®; = R Vj, then
S2TLFOW pe(R1, ..., Rn) = R. (18)
Property 2. (Boundedness) Let R, i(j = 1,...,n) are the collection of S2TLFNs, and
R+ = max?RJ, R- = m1n§R Then,
J
R™ < S2TLFOW pig(R1, ..., Rn) < R (19)
Property 3. (Monotonicity). Let é?tj(j =1,..,n) andé?tg(j =1,...,n) be the collec-
tion of S2TLFNSs, ifR; < R/, V. Then,
S2TLFOW jig (R, ..., Rn) < S2TLFOW po(RY, ..., R.). (20)

Definition 3.3. LetR; = {(r},X;), 14j,7;,¥;}(j = 1,...,n) are the set of S2TLFNs.
Then, the S2TLF hybrid average (S2TLFHA) operator with the dimensimna function
S2TLFHyu : Q" — Q, that as

j=1

= Z@ AT XU(])) , n\/ ) 9(1 nﬂa(: ) 7] (21)
I (%< ) il (Vam)

j=1

where® = (04, ...,0,,)T are the associated weighting vector&s> 0, Z 0; =1,
j=1

andéRa(])ls the;j*" biggest number of the S2TLF argumeiﬁl;s(j) ( o(j) = nwﬂ%yg =1,. ) ,(w=

w1, ..., wn) is the weight vector of S2TLF arguments, with w; > 0, Z w;j = 1, andn
=
show the balancing coefficient.

3.1. Spherical 2-Tuple Linguistic Fuzzy Geometric Aggregation Operators.In this
subsection, we used the information of S2TLF numbers, and developed some geometric
AOs.

Definition 3.4. LetR; = {(r;, x;), &5, 15, v }(j = 1, ..., n) be the collection of S2TLF
numbers. The S2TLF weighted geometric (S2TLFWG) operator is a fun@ion- €2,
and

SOTLFWGe (R, ..., Rp) = é (i?ej)@j , (22)

=1

and® = (0, ...,0,)7 is the weighting ofR;, where®; > 0, f: 0;=1.
j=1
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Theorem 3.2. The aggregated value obtained by utilizing the S2TLFWG operator is also
a S2TLF number, such that

S2TLEW Ge (R, ..., Ry) = (é) (éiej)@j

and® = (04,...,,0,)7 is the weighting vector o?fij, where®; > 0, f: 0; =1
=1

J
Proof. Using the mathematical induction principal to prove EGg).

(1). Whenn = 2, we have

<ﬁ1>91 = {A (Afl(n,)a))@l ,ulel, \/1 —(1=n3)en, \/1 —(1- V%)el} .
(?ﬁz)ez = {A (A’l(rz,xg))@2 1, \/1 — (1 —n32)®e, \/1 —(1- Vg)eg} _

Then

S2TLFWG(Ry, Ro) = (R1)®* ® (R2)®?
A ((Afl(Tth))@l + (Afl(T27X2))®2) 119t 1292,
= 32— — )™ - - (1= )P — (1 — D)),
V2— (=) — (1 —1)% — (1= (1= 12)2)(1 — (1 - 13)®)
{ A (A (1, x1)® + (A (2, x2) ), }

11911292, /1= (1 =)o (1 —n3)%2, /1 — (1 —v3)®1 (1 —13)®>

(2). Assume that Equ. (23), hold far= x, i.e.,

S2TLEW o (R, -, Re) = Q) (éﬁj)@j

. ﬁwﬁaw—ﬁu—@%
= 1A (H (Al(fj,Xj))@j) A = )




Decision Support System Based on Spherical 2-tuple Linguistic Fuzzy Aggregation Operators and their Application

421

Now forn = k + 1, Equ. (23), become

SAULEWGo (R, Ft) = (R1) 7 @ (Ra) " 00 (1) 0 ()™

' <ﬁ (A_1<r‘j’x‘7))®j : (A_l(THl’XHl))@ﬁl) ;

1= [T = 1) + (1= (1—n2,,)®)

k+1 o, j=1
.H (Nj) ’ K <y 7
_ - (1 {1 (1- ) > (1= (1= 7241)%%)

1= JTA=2))% + (1= (1 —v2)%+)
j=1

) (1 -1~ )> (L= (1= v20)% )

1 o, r+1 9 0,
K+1 o ) 1(#]') Toa/1 = H (1—7]]‘) i)
= A (D (AT ) ]

j=1
j=1

=i

K+1 9j

1 —jl;[l (1 —y;‘)

which denote the aggregated value is also a S2TLFN. Hence, Equ. (23), holds for
Property 1. (Idempotency) If ®; = R V7, then

S2TLFWGe(Ry, ..., Ry) = R. (24)

Property 2. (Boundedness) Let 37%]» (j = 1,...,n) be the collection of S2TLFNs, and

§é+ = max??ﬁj, R = Hl'ing}vfj. Then,
J J

R™ < S2TLFWGo(Ry,...,R,) < RT. (25)

Property 3. (Monotonicity). Let®;(j = 1,...,n) and®/(j = 1, ...,n) be the collec-
tion of S2TLFNs, ifﬂ?tj < iej/.,w. Then,

S2TLFWGe(Ry, ..., Ry) < S2TLFWGe(R,, ..., R)). (26)

Definition 3.5. LetR; = {(r;, x;); 14,71, }(j = 1, ...,n) be the collection of S2TLF

numbers. Then, the S2TLF ordered weighted geometric (S2TLFOWG) operator with the

dimensiom is a functionS2TLFOW G : Q" — Q, such tha® = (04, ...,0,,)T be the
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associated weighting vector, a®g > 0, >~ ©, = 1. Then,
j=1

S2TLFWGo(Ry, ... Re) = ® (g}gw@j

j=1

A (i (A_l(ra<j>,><o<j>))®j> 7

Jj=1

s j i 9;
= jl;ll (o)™ \/1 - 11 (1 - 77?,(,73) : : (27)
{1 |

Jj=1
1 3
J

ando(1), ..., o(n) are the permutation df., ..., n), andR,(; 1) > Ro(;) Vi = 2, ..., n.
Property 1. (Idempotency) If ®; = R for all j, then

S2TLFOWGe (R, ..., Ry) = R. (28)

Property 2. (Boundedness) Let é?tj (j = 1,...,n) be the collection of S2TLFNs, and
R+ = maxR;, R~ = minR;. Then,
J J

R™ < S2TLFOW Go(Ry, ..., R,) < RT. (29)

Property 3. (Monotonicity). Let®;(j = 1,...,n) and®/(j = 1,...,n) be the collec-
tion of S2TFLNSs, if?ej < §?EJ/.,Vj. Then,

S2TLFOWGo(R1, ..., Ry) < S2TLFOWGo (R, ..., R.). (30)
Definition 3.6. LetR; = {(r;, x;); 14j,1;,v;}(j = 1, ...,n) be the collection of S2TLF

numbers. Then, the S2TLF hybrid geometric (S2TLFHG) operator with the dimension
is a functionS2TLFHG : Q™ — Q, where

n * O;
SQTLFHG@,LA)(%D 7%774) = ® (ﬁU(J)>

Jj=1

A (Zl(Al (;0(])7 ia’(])))ej> ’
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where® = (0, ...,0,,)T be the associated weighting, aéd > 0, >~ ©; = 1, and
j=1
R,(;is thej* biggest number of S2TLF argumerits ) (STEU(]-) = nw;R;, (j =1, ...,n)) 7

~ n
(w = w1, ...,wy,) is the weights of S2TLF argumen;, with w; > 0, >~ w; = 1, andn
j=1
show the balancing coefficient.
4. APPROACH OFSPHERICAL 2-TUPLE LINGUISTIC FUZZY INFORMATION FOR
MCDM PROBLEM

Using the developed two operators (S2TLFWA or S2TLFWG) in this portion, we devel-
oped an algorithm for MCDM problem, with the S2TLFNs information. Let the discrete
set of alternatives af€ = (Y, ..., T,,), and the attributes set ale= (N, ..., N,,), where

O = (04, ...,0,)7T is the weights of the criteria s&t;, and®; € [0,1], > ©; = 1. Let
j=1
7 = (?ij)an = <(Tij;Xij)a (,Ufijanij; Vij)>m><n are the S2TLF decision matriX, where

7i;, take the form of the S2TLFNs, and;, n;;, v;; show the positive, neutral and negative
grades correspondingly, that the alternafivesatisfies the attribut®l; given by the deci-

sion maker. Wherg.;, i, vi; € [0,1], p3;, 03, vy < 1,mi; = \/1 — (3 + 03 +v3),
sij € S‘,pij € [-0.5,0.5),i = 1,...,m;j = 1,...,n. Now, we used the S2TLF information
and apply the S2TLFWA or S2TLFWG operator for the MCDM problem.

Step 1. Calculate the overall valuéé,» (1 =1,...,m) of the alternativeX ;, utilized the
information of the given matrig, and the S2TLFWA or S2TLFWG operator.

g}}i = SZIVL.Z*—‘I/V/J,(_)(’I"ll7 ...77‘1‘”) = @ (@j?“ij)

Jj=1

= SA(DSOA X)) || 41— (1—/@)@",]_[(77]»)@, ()%

Or

3

5%1‘ = S2TLFWG@(T¢1, ceey ’I“in) = (’I"ij)@j

3

Jj=1

Step 2.Determine the scoreSu(éRi)(z' =1,...,m) of the overall S2TLFNS;.
Step 3.By the scoresSv(R;)(i = 1,...,m), choose the one.

5. PRACTICAL EXAMPLE OF GREEN SUPPLIER SELECTION

In this portion, we are using a practical MCDM green supplier selection problem for
the chemical processing industry. Suppose we have a chemical processing industry whi

ch
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changes the chemical structure of natural materials so that products of value can be de-
rived in other industries or in every day life. Chemicals, primarily minerals, metals and
hydrocarbons, are produced from these raw materials using step by step process. More
treatment, like as mixing and blending, is often needed to convert them into final products
(such as adhesives, paints, medicines and cosmetics). The selection of raw materials or
natural materials by suppliers is known to be very important to the chemical processing
industry. For the supplier selection (Alternatives), we have eight attributes (1) Cost; (2)
Quality; (3) Delivery; (4) Service; (5) Technigue capability; (6) Green product; (7) Pollu-
tion control; and (8) Environmental management. We collect data from the procurement
department which is responsible for the entire procurement process in a given chemical
processing industry. To collect the data, we invite the five suppliers (Alternatives). The
five suppliers (Alternatives) are evaluated by utilizing the Spherical 2-tuple linguistic fuzzy
numbers with the weight vector aé = (0.11,0.13,0.13,0.10,0.16,0.10,0.15,0.12)7".
Applying the developed algorithm for the best supplier selection. The decision lays down
that all the above steps must be followed.

Tablel. Spherical 2-tuple linguistic fuzzy decision matrix

Ny Ny N;
Y1 ((55,0),(0.3,08,05)) ((51,0,(0.3,0.1,0.9)) {(51,0),(0.4,0.8,0.4))
Ty ((s2,0),(0.4,0.2,0.4)) ((s6,0),(0.5,0.3,0.7)) ((s3,0),(0.2,0.3,0.7))
Ty ((s5,0),(0.6,0.1,0.6)) ((s1,0),(0.7,0.6,0.2)) {(s5,0), (0.6,0.3,0.6))
Ty ((53,0),(0.8,0.4,0.3)) ((s6,0),(0.2,0.6,0.7)) ((s1,0),(0.9,0.1,0.3))
Ts  ((55.0),(0.3,0.9,0.1)) ((s3.0),(0.5,0.4,0.2)) {((s7,0),(0.8,0.5,0.2))
Ny Ny Ng
T: ((52,0),(05,0.7,0.1)) ((54,0),(0.6,0.3,0.4) ((57,0),(0.8,0.3,0.6))
Ty {(51.0),(0.3,0.8,0.6)) ((53.0),(0.2,0.9,0.3)) ((s2,0),(0.1,0.7,0.4))
Ts  ((52,0), (0.6,0.3,0.4)) {(s5,0),(0.8,0.5,0.2)) ((s3,0),(0.3,0.6,0.6))
Ty ((s5,0),(0.4,0.6,0.2)) ((s7,0),(0.2,0.5,0.8)) ({(s1,0),(0.9,0.1,0.3))
Ts ((s7,0),(0.8,0.5,0.2)) ((54,0),(0.4,0.3,0.2)) ((s3,0),(0.3,0.9,0.1))
N7 Ng
Y, ((55,0),(0.1,05,0.7)) ((52,0),(0.4,0.3,0.6))
Yo ((54,0),(0.5,0.3,0.6)) ((s3,0),(0.2,0.9,0.3))
Ty ((54,0),(0.6,0.3,0.4)) ((s6,0),(0.3,0.6,0.4))
Ty {(54,0),(0.4,0.5,0.2)) {(ss,0),(0.7,0.1,0.3))
Ts ((s7.0),(0.8,0.5,0.2)) {(s5,0),(0.4,0.6,0.2))
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To select the best supplier, utilized the following steps;

Table 2. The aggregated values of the alternatives (Suppliers) using the S2TLFWA

(S2TLWG) Operators
S2TLW S2TLWG
Y1 ((s4,—0.18),(0.48649,0.30377,0.47151)) {((ss3,0.43), (0.35459,0.54419,0.62644))
Yo ((s3,0.11),(0.34522,0.46853,0.47237)) ((s3,—0.33),(0.27106,0.70156, 0.54320))
Ts ((s5,—0.04), (0.59794,0.3677,0.37551))  {(s4,0.12), (0.45187,0.46121, 0.45160))
T, {(s5,—0.08),(0.61007,0.36083,0.35407)) ((s4,—0.43), (0.36527,0.56201,0.51241))
Ts ((s5,0.14),(0.62447,0.51758,0.17290)) ((s4,—0.08),(0.50444,0.65014,0.18378))

Table 3. Alternatives (Suppliers) score values
S2T LFW i operator S27 LFW G operator

T, (s3,0.32) (s1,0.23)
T, (s2,—0.16) (s1,0.31)
T, (s3,0.43) (s2,0.45)
T4 (53, 041) (82, 037)
T5 (83, 038) (82, 034)

Table 4. Ordering of the Alternatives (Suppliers)
Operator Ordering
S2TLFWA T3> T, >T5> 711 > 1y
S2TLFWG T3> T, > T5>To > T,

Comparative analysis

To determine the effectiveness of the introduced technique under the S2TLNs, we stud-
ied an example and evaluated the selection of the best alternative based on defined method.
Table 4 displays the order of ordering of the alternatives obtained by using the established
approach. In Table 5, we show that the ordering of alternatives between the three ap-
proaches is reasonably matched. Which also shows that the current method is validated.
The best alternative i¥; using the suggested approach, which is the same as the best alter-
native obtained by sample Induced 2-tuple linguistic generalized operator [28] and SLFNs
[29] approach. From the analysis, we note that the ranking of the alternatives obtained by
our proposed approach is stable and accurate compared to the SLF approach. The method
proposed is absolutely outstanding because it can completely escape any loss of informa-
tion that has previously occurred in the linguistic information.

Table 5. Alternatives ordering

Method Ordering
2-TILGOWA operator [28] T3> To > T4 > T5 > Ty
SLFSs approach [29] T3 >Ts5>To>Ty>Ty
S2TLFWA operator T3>T4>T5>7T1>7T
S2TLFWG operator T3 >Ty>Ts5>To>T,
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6. CONCLUSION

In this article, we analyze the multiple attribute DM problem under the Spherical 2-
tuple linguistic fuzzy set. We first introduced such S2TLF operational laws. Then, using
these operational laws, we proposed the some aggregation operators like as; S2TLFWA,
S2TLFWG, S2TLFOWA, S2TLFOWG, S2TLFHA and S2TLFHG operators. We're ana-
lyzing many properties of the proposed AOs. The prominent characteristic of these pro-
posed operators is studied. We used the developed operators and write an approach to
solve the problem of MCDM. Finally, an example of green supplier selection in the chemi-
cal processing industry is given to demonstrate the defined method to find its practicability
and efficacy. We also compare our proposed method with other existing methods.

In the future, we investigate the use of S2TLFNs in many other areas of study, such
as; Novel similarity measure based on the transformed right-angled triangles between in-
tuitionistic fuzzy sets and its applications; A new possibility degree measure for interval-
valued g-rung orthopair fuzzy sets in decision-making; T-spherical fuzzy power aggrega-
tion operators and their applications in multi-attribute decision making; Three-way deci-
sions making using covering based Fractional orthotriple fuzzy Rough set model.
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